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Abstract
Objectives—To develop a broad set of claimant-reported items to assess behavioral health
functioning relevant to the Social Security disability determination processes, and to evaluate the
underlying structure of behavioral health functioning for use in development of a new functional
assessment instrument.
Design—Cross-sectional.
Setting—Community.
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Participants—Item pools of behavioral health functioning were developed, refined, and fieldtested in a sample of persons applying for Social Security disability benefits (N=1015) who
reported difficulties working due to mental or both mental and physical conditions.
Interventions—None.
Main Outcome Measure—Social Security Administration Behavioral Health (SSA-BH)
measurement instrument
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Results—Confirmatory factor analysis (CFA) specified that a 4-factor model (self-efficacy,
mood and emotions, behavioral control, and social interactions) had the optimal fit with the data
and was also consistent with our hypothesized conceptual framework for characterizing behavioral
health functioning. When the items within each of the four scales were tested in CFA, the fit
statistics indicated adequate support for characterizing behavioral health as a unidimensional
construct along these four distinct scales of function.
Conclusion—This work represents a significant advance both conceptually and
psychometrically in assessment methodologies for work related behavioral health. The
measurement of behavioral health functioning relevant to the context of work requires the
assessment of multiple dimensions of behavioral health functioning. Specifically, we identified a
4-factor model solution that represented key domains of work related behavioral health
functioning. These results guided the development and scale formation of a new SSA-BH
instrument.
Keywords
Work disability; Behavioral health; Outcome assessment (health care); Psychometrics
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In 2011, mental health impairments represented one of the largest categories of disabling
conditions for which individuals receive Social Security Administration’s Disability
Insurance (SSDI) benefits.1 Mental or behavioral health related work disability encompasses
various factors beyond a singular disease including social, cultural, and environmental
considerations.2–5 Due to its multifactorial nature, behavioral health related work disability
is one of the more challenging areas to assess. Additionally, the specific mechanisms
whereby mental health impairments of varying types and degrees actually affect a person’s
ability to work are complex and poorly understood.6, 7
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Given the complexity of behavioral health related work disability, one would expect many
aspects of behavioral health to affect an individual’s potential ability to work. Now, with the
advancement in instrument development utilizing modern psychometric methods such as
item response theory (IRT) and computer adaptive testing (CAT), new health status
measures can be developed to efficiently assess multifactorial scales of health. By utilizing
an assessment methodology that allows for complex factor solutions, the characterization of
a person’s underlying functional abilities may be represented with high degrees of breadth
and precision.8, 9
Considering the steady annual increases in the number of disability applications along with
other challenges to the disability determination process, there is a particular interest in
applying new assessment methods within the context of the SSDI and SSI programs.10 The
Social Security Administration (SSA) currently defines disability with language that is
heavily grounded on the narrowly defined medical model.11–13 A broader conceptualization
of behavioral health related disability would align more closely with contemporary notions
of disability as articulated in the World Health Organization’s International Classification of
Functioning, Disability, and Health (ICF).10, 14 This taxonomy highlights the interactive
nature of disability and specifies components of whole person function that are key factors
in characterizing a person’s overall health and ability to function.15
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Current behavioral health assessments typically target specific clinical populations and focus
on characterizing symptom severity rather than measuring a broader concept of behavioral
health function as would be relevant for a more heterogeneous population such as applicants
for SSA disability benefits.16, 17 Additionally, recent work in the area of patient reported
outcomes measures have produced more general health assessment tools. The Patient
Reported Outcomes Measurement Instrument System (PROMIS) and Quality of Life
Outcomes in Neurological Disorders (Neuro-Qol) assessments offer the flexibility of general
health assessment and include some components of mental health, but these instruments
were not specifically designed to assess behavioral health in the context of work.18–22
In order to enhance the current SSA disability evaluation processes, reliable, valid, and
feasible tools are needed to comprehensively assess work related behavioral health outcomes
in the SSA claimant population. One method to achieve this goal is to utilize modern
psychometric techniques of item response theory (IRT) and computer adaptive testing
(CAT).8 IRT combined with CAT implementation allows questions to be administered by
responses to a given question guiding the selection of the next question.23 This iterative
process allows multiple dimensions of health to be assessed in a comprehensive, efficient,
and precise way.24
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The aims of this study were to test a set of newly developed items that characterize aspects
of behavioral health using the SSA Behavioral Health measurement instrument (SSA-BH).
Specifically, our goal was to evaluate the robustness of utilizing a multifactorial model for
use in assessing work related behavioral health functioning in a SSA claimant population as
compared to a 1- or 2- factor model of behavioral health functioning. The current work lays
the groundwork for item response theory (IRT) analysis and the development of a new
behavioral health measurement instrument implemented through computer adaptive testing
(CAT), as described in a complementary article.25

METHODS
Behavioral Control Item Pool Development

NIH-PA Author Manuscript

The SSA-BH item pool examined in this study was grounded on a theoretical framework
that characterizes behavioral health functioning across five hypothesized domains:
Behavioral Control, Temperament & Personality, Adaptability, Basic Interactions, and
Workplace Behaviors.26 The initial content model served as the conceptual foundation for
constructing items and was developed using a structured literature review, expert interviews,
and stakeholder feedback. The item pool consisted of 165 questions that used a four-point
agreement response scale ranging from “Strongly Agree” to “Strongly Disagree” with an
opt-out option of “I don’t know.” In terms of content, questions asked about various
behaviors, thoughts, or feelings that a person may experience in the context of work or their
daily environment. See Table 1 for sample item content within each domain. A systematic
and iterative process of literature review, cognitive testing, and extensive content expert
feedback was utilized to ensure content validity of the item pools (See Figure 1). The
resulting item pool included three types of items: (1) core items relevant to all claimants, (2)
a set of legacy items from previously validated instruments (PROMIS and NeuroQol) which
may allow for future crosswalks between the SSA-BH instrument and the legacy
Arch Phys Med Rehabil. Author manuscript; available in PMC 2014 September 01.
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instruments, and (3) a work module for people who were more recently (within 6 months)
out of work.
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Calibration Study
Participants—The study included two cross-sectional samples—a SSA claimant sample
and a comparative US adult sample. The claimant sample was composed of adults who filed
a disability application through the Social Security disability programs within a 3-month
time period in 2011. Claimants had to be 21 years of age or older, able to speak, read, and
understand English, and filed the claim him/herself rather than through a proxy.
Additionally, claimants must have provided the name and contact information for at least
one medical provider familiar with health condition for which they were seeking SSA
benefits. Claimants who filed for conditions including paranoia, psychosis, autism,
intellectual disability, or Down’s Syndrome were excluded. A random sample of claimants
who met these criteria was selected, geographically stratified across all 10 SSA regions,
including consideration of urban/rural distributions within each region.
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In order to compute norm-based scoring of the SSA-BH instrument, a normative sample of
1000 US adults was included. A unique sampling procedure developed by YouGov was
used to obtain the normative sample whereby a sample of US adults was drawn from a large
opt-in internet panel.27 Proximity sample-matching methods were used to obtain a target
normative population approximating the US adult population matched on gender, racial/
ethnic background, age, and education, and weighted equally. All variables and measures of
behavioral health were developed using methods that were identical to those used for the
claimant sample. A university institutional review board approved this study and all sample
participants provided informed consent.
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Data Collection Procedures—The full item pool was administered to the SSA claimant
sample via phone or internet by Westat research personnel. All study personnel completed
survey administration training prior to conducting data collection activities. Periodic
monitoring of the data collection procedures was performed for data quality control
purposes. In addition to the 165 items regarding behavioral health, the survey included selfreported demographic variables [age, gender, marital status, race, ethnicity, education, and
urban/rural geographic location] and variables characterizing the nature of the disabling
condition [mental condition only vs. both mental and physical health conditions]. Responses
to a screener question were used to select administration of the workplace module (persons
who had been out of work 6 months or less). Participants were asked to respond to all survey
questions based on a typical day, with the exception of a subset of 57 items that specifically
referenced “the past seven days.” Data were collected from the normative sample on the
same 165 items via an opt-in web survey format.
Data analysis—Descriptive statistics were calculated to assess missing data, examine
frequency distributions for each item response category, and characterize demographics of
the claimant and normative samples. “I don’t know” responses were considered missing data
and analyzed separately. Responses were re-coded as necessary based on the phrasing of the
question so that all items with a higher numeric score were indicative of higher functioning.

Arch Phys Med Rehabil. Author manuscript; available in PMC 2014 September 01.

Marfeo et al.

Page 5

NIH-PA Author Manuscript

To establish construct validity, the dimensionality of the data were examined using both
exploratory factor analysis (EFA) and confirmatory factor analysis (CFA) techniques. An
initial EFA was performed using a geomin rotation to examine eigenvalues and cumulative
percentage of variance in behavioral health functioning explained by different numbers of
factors. Factor loading patterns were examined to characterize the latent dimension
represented by the items that loaded on each factor. For this purpose, individual items with
factor loadings less than 0.40 were considered weak and removed from further analysis as
were items with cross-loadings greater than 0.30 on two or more different factors. In
addition to these statistical criteria, the item removal process involved consideration of each
item’s meaning and context prior to final removal.
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A process of CFA was used for developing and testing several alternative model structures
of behavioral health functioning. To develop the most robust yet parsimonious factor
structure, a series of models was developed beginning from a simple 1-factor model and
advancing to a more complex 5-factor model. Each model was tested using multiple
goodness-of-fit indices. The Tucker-Lewis Index (TLI) and Bentler’s comparative fit index
(CFI) are the incremental relative fit indices, which assess the difference between a
proposed model and the null model (model specifying that all measured variables are
uncorrelated), making adjustments for the number of degrees of freedom in the model.28, 29
The chi-square statistics for the null and target (i.e. hypothesized) models divided by their
respective degrees of freedom (χ2/df), and the differences between the chi-square statistics
and the degrees of freedom for both models were used to calculate TLI and CFI
respectively. For both TLI and CFI, values greater than .90 indicate good model fit, with
those above .95 indicating extremely good model fit.29–31 In addition, the root mean square
error of approximation (RMSEA) was calculated. The RMSEA is a parsimony corrected
index of model fit and estimates the difference between the lack of fit in the proposed model
and a perfect or saturated model, accounting for degrees of freedom.32 For the RMSEA,
values of .06 or lower indicate a very close fit; values greater than .08 indicate reasonable
model fit; and,; values greater than or equal to 0.10 indicate poor model fit.30, 31, 33
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Additionally, the CFA model testing included consideration of four criteria: (1) each factor
should have a sufficient number of items to represent the measured construct, (2) the factor
must demonstrate face validity, in that the factor loading patterns and item content matched
hypothesized model constructs, (3) item loadings must be greater than 0.40 and load on only
one factor, (4) reasonable discrimination between factors was indicated by correlations
between factors less than 0.80. The next step in the CFA model testing was analysis of
unidimensionality of each CFA supported factors specifying the same fit statistics criteria as
described above for model evaluation.
In preparation for subsequent IRT analysis, local independence assumptions were tested in
each of the factor item banks. This is to ensure that responses among items are independent
for individuals with the same level of the hypothesized construct. If local independence is
not met, then the measure will be violating the assumption of unidimensionality. To test for
local item dependence, residual correlations between items were examined and items with
residual inter-item correlation greater than 0.20 were removed.20
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Content expert feedback guided empirical analysis regarding the important subdomains of
behavioral health functioning in order to yield a final model that would be supported both
conceptually and empirically. To confirm the resultant model structure and to provide an
initial demonstration of comparative group validity of the models, the same series of
analyses were performed in the normative sample as was performed in the claimant data
analysis. All CFAs were conducted using MPlus software; descriptive statistics were
performed using SAS software; and, data transformations were performed using SPSS
software.34–36

RESULTS
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Demographic data from the calibration study characterizing the SSA claimant and normative
samples are presented in Table 2. The SSA claimant sample was approximately 56% female,
predominantly (61%) white, 73% from urban areas, and average age of 44±11 years. With
regard to the work-related disability that was motivating their application for benefits, 20%
of the SSA claimant sample reported having a mental condition only (e.g. depression,
anxiety, bipolar, PTSD) and 80% reported both mental and physical conditions (e.g.
depression/anxiety with back pain, arthritis, fibromyalgia, etc.). The normative sample was
approximately 52% male and 77% white; average age was 49 ±15 years. Missing data were
sparse; therefore, no imputation of data was performed. “I don’t know” responses were
endorsed infrequently in both samples (Normative sample: average % missing =2.21%, SD
2.56%, range 0%–14.9%; Claimant sample: average % missing = 1.42%, SD 1.34%, range
0%–7.68%).
Results from the initial exploratory analysis supported models ranging from 2 to 5- factors.
Parallel analysis was performed as a secondary EFA technique. Results from the parallel
analysis showed there could be up to 8 factors within the behavioral health domain, but
factors above 5 have few to no items loading in these higher level factors. Eigenvalues and
the cumulative percentage of variance explained from each model are: 2-factor model, 8.95,
38.7%; 3-factor model, 6.8, 43.9%; 4-factor model, 3.55, 46.6%; and 5-factor model, 3.22,
49.1% respectively. Table 3 shows that the EFA fit statistics improve with the number of
factors, but the content and number of items in the higher order factors are limited.
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Prior to CFA analysis individual item quality was considered: 24 items were deleted due to
item-to-total correlations less than 0.3; 46 items were removed with cross-factor loading
greater than 0.4 on two or more factors; and 12 work module items were removed due to
missing data (87% of the sample did not answer this item set). Table 4 outlines the sequence
of models tested by CFA ranging from the simple 1-factor solution to the most complex 5factor solution. The models specified in the 1-, 2-, and 3- factor solutions yielded fit
statistics that were unacceptable statistically. In addition, content expert input confirmed that
the proposed models did not meet conceptual criteria consistent with the hypothesized
framework.
The two model solutions that emerged as optimal both psychometrically and conceptually
were the 4- and 5-factor model solutions. These models yielded adequate CFI, TLI, RMSEA
statistics (4-Factor solution: CFI=0.90, TLI=0.897, RMSEA=0.055; 5-factor solution:
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CFI=0.905, TLI=0.901, RMSEA=0.058). Two additional model analyses were conducted
with the goal of maximizing the number of items in each scale while preserving the legacy
items that were not included in the initial CFA results. These modified 4- and 5-factor CFA
results yielded similarly acceptable goodness of fit statistics (4-Factor solution: CFI=0.882,
TLI=0.879, RMSEA=0.056; 5-Factor solution: CFI=0.885, TLI=0.882, RMSEA=0.057).
Table 5 presents results from the final round of CFAs conducted to confirm the
unidimensionality of the modified 4-factor solution, which we favored on grounds of
parsimony and conceptual clarity. The unidimensionality check suggested the removal of up
to 2 items in each of the three factors to meet psychometric criteria. With removal of these
few items, all of the items demonstrate good fit within each factor. Further, the CFI and TLI
values meet or exceeded the 0.90 threshold for all factors, with the social interactions factor
demonstrating exceptionally good fit statistics (CFI=0.974; TLI=0.956). The final model
solution, comprised of 78 items representing four unidimensional factors of behavioral
health functioning is presented in Figure 2.
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To further verify the final structure of the model, all CFA analyses were replicated in a
normative sample. The four-dimension model structure was supported in the normative
sample and similarly demonstrated adequate goodness of fit indices as presented in Table 6.
The combination of results from the claimant and normative samples provide robust
justification for proceeding to develop calibrated item banks to represent (1) mood and
emotions, (2) social interactions, (3) behavioral control, and (4) self-efficacy factors of work
related behavioral health function.

DISCUSSION
Empirical evidence, conceptual elements, and utility of the instrument were all important
components of the model refinement process. We consulted an expert panel to impart
conceptual meaning and clinical relevance to the items specified in each solution. In
addition, the goal of maintaining the ability to crosswalk with legacy instruments was a
priority. With feedback from the experts, we reached consensus on the modified 4-factor
model representing the solution that aligned best with the conceptual framework while
demonstrating parsimony and acceptable goodness of fit statistics.
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The resultant model represents a measure that characterizes four domains of behavioral
health function relevant to the context of work. These four factors are presented as separate
item banks and demonstrate strong unidimensionality as four distinct scales of work related
behavioral health. Robustness of the 4-factor solution was verified in the normative sample.
Results from the normative replication represent an important step in initial demonstration
of the SSA-BH instrument being able to characterize distinct factors of behavioral health
functioning important in the work context within various adult populations. The overall
model solution fit statistics suggests that retaining these factors as separate scales would be
an appropriate and useful characterization of behavioral health, allowing functional profiles
to be developed along four dimensions of work related behavioral health.
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Development of the SSA-BH instrument system represents a significant opportunity to
enhance current disability evaluation processes. The content of this instrument expands
current disability assessment to include aspects of whole person behavioral health that are
relevant in the context of work. A unique feature of this assessment development process
was the extensive involvement of key stakeholders including claimants, content experts, and
representatives from SSA to ensure that the content of the items was both relevant and
comprehensive. To date, the SSA-BH instrument marks a significant contribution to the
assessment of behavioral health functioning in that it comprehensively measures four
distinct, unidimensional dimensions: mood and emotions, social interactions, self-efficacy,
and behavioral control.
Our goal was to test a set of newly developed items that reflect a whole person perspective
of behavioral health functioning relevant to the context of work. Further, by using both
items that were developed to be tailored to the target population and legacy items from
PROMIS and NeuroQol measures, scores derived from the SSA-BH have the potential to be
linked to those previously validated assessments.37 The benefit of this potential score
linking method may facilitate comparisons between different behavioral health function in
general adult populations and SSA claimant samples.
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Study limitations
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In conceptualizing behavioral health function relevant to work, we specifically utilized a
broad conceptualization of behavioral health function rather targeting a narrow construct.
This is unique compared to the approach existing measures often utilize, which often focus
on measuring a single component of behavioral health such as depression, anxiety, or anger
in isolation. Because of this broad conceptualization, the overall variance explained by
initial hypothesized model reported in the EFA results is lower compared to measures of
more narrowly defined constructs. The resultant 4-factor model solution is based on a
balancing both conceptual and empirical criteria for new measurement development and
requires future validation through further field-testing.26 Although the factor structure was
validated in the normative sample, future work should examine the model robustness in
other populations and its ability to discriminate between known groups along these four
dimensions of behavioral health. An initial study of discriminate validity between the
normative and claimant samples was performed and is discussed in a complementary
article25. Comparison of behavioral health functioning as assessed using the 4-factor model
solution with existing SSA disability determination processes is essential to establish the
utility and validity of the newly developed instruments.
Further, the value of the CFI and TLI fit statistics were right on the criterion value of 0.90,
optimally they would have exceeded that threshold. Lastly, due to various threshold criteria
(item-to-total correlation, cross-loadings, and missing data) the final item set yields a
smaller number of items than desired. Of particular note is the Social Interactions factor.
The resultant item count retained in this factor was six items, and the fit was marginal with
RMSEA = 0.101. This limitation offers an opportunity for future work to improve the SSABH measure through item replenishment processes. Item replenishment will allow for
improving this particular factor by increasing the number of items retained in the factor.
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This should strengthen the model both conceptually, by increasing the content coverage of
the social interactions factor and improve the overall model fit statistics. One benefit of
utilizing the IRT and CAT based assessment is the flexibility in modifying assessments to
improve measures both in terms of item content as well as psychometric properties.38

CONCLUSIONS
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The development of the SSA-BH instrument represents a groundbreaking effort in moving
SSDI assessment processes forward both conceptually and psychometrically. The items
utilized in the SSA-BH instrument offer an opportunity to assess functioning from a “whole
person” perspective as compared to traditional assessment methods based upon the medical
model of disability. This conceptual shift provides a unique opportunity to assess behavioral
health functioning across a variety of key domains that may be important in predicting a
person’s ability to work. Study methods including extensive stakeholder, expert feedback
and advanced psychometric methodologies were utilized in an effort to ensure the utility of
the SSA-BH instrument both conceptually and empirically. These results support a 4-factor
model of behavioral health functioning relevant for work including domains characterizing
aspects of self-efficacy, mood and emotions, behavioral control, and social interactions.
These analyses and results provide the groundwork for finalizing the SSA-BH instrument
using IRT methods to calibrate the items representing these four behavioral health
dimensions.
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CAT

Computer Adaptive Testing

CFA

Confirmatory Factor Analysis

CFI

Bentler’s Comparative Fit Index

EFA

Exploratory Factor Analysis

ICF

International Classification of Functioning, Disability and Health

IRT

Item Response Theory

Neuro-QoL

Quality of Life Outcomes in Neurological Disorders

PROMIS

Patient Reported Outcomes Measurement Instrument System

RMSEA

Root Mean Square Error of Approximation

SSA

Social Security Administration

SSA-BH

Social Security Administration; Behavioral Health measurement instrument

SSDI

Social Security Disability Insurance
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Figure 1.

Behavioral Health Function Item Pool Development Process
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Figure 2.

Initial Behavioral Health Function Framework and Final Model
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Table 1

NIH-PA Author Manuscript

Sample Item Content
Domain

Item Content

Social Interactions

Please specify your level of agreement: I can keep up with my social commitments. Hint: Social commitments meaning
plans you’ve made with others

Mood & Emotions

Please specify your level of agreement: I am so tired when I wake up, it’s hard to get going.

Self-Efficacy

Please specify your level of agreement: I am comfortable making eye contact with others.

Behavioral Control

Please specify your level of agreement: I sometimes get physical when I’m angry.
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Table 2

NIH-PA Author Manuscript

Background Characteristics of the Sample
Variable

Study Claimants (N=1015)
Mean ± SD or n (%)

Normative Sample (N=1000)
Mean ± SD or n (%)

43.76 ± 11.09

49.07± 15.48

341 (33.63)

264 (26.64)

Age*
Under 40
40–55

499 (49.21)

314 (31.69)

55+

174 (17.16)

413 (41.68)

T(1791)=−8.8, p<0.0001

X2(2)=149.96, p<0.0001

Sex**
Female

571 (56.26)

484 (48.50)

Male

444 (43.74)

514 (51.50)

Urban

744 (73.30)

-

Rural

271 (26.70)

-

X2(1)=12.15, p=0.0005

Geography

Race

NIH-PA Author Manuscript

White

617 (60.79)

773 (77.30)

Black/African American

266 (26.21)

105 (10.50)

Other

111 (10.94)

104 (10.40)

21 (2.07)

18 (1.80)

301 (29.66)

206 (20.60)

missing

X2(2)=87.53, p<0.0001

Marital Status
Never married
Married/partner

352 (34.68)

627 (62.70)

Divorced/separated

326 (32.12)

111 (11.10)

Widowed

31 (3.05)

48 (4.80)

missing

5 (0.49)

8 (0.80)

X2(3)=204.34, p<0.0001

Education
Less than high school

238 (23.52)

44 (4.40)

High School/GED

361 (35.67)

361 (36.10)

Greater than high school

413 (40.81)

591 (59.10)

3

4 (0.40)

Mental

208 (20.49)

-

Both Mental & Physical

807 (73.51)

-

0

-

missing

X2(2)=164.9, p<0.0001

Primary Complaint

NIH-PA Author Manuscript

missing

Age* Claimant sample (N=1014), Normative sample (N=991)
Sex** Claimant sample (N=998)
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Table 3

NIH-PA Author Manuscript

Exploratory Factor Analysis Fit Statistics
CFI

TLI

RMSEA

1-factor model

0.767

0.762

0.057

2-factor model

0.857

0.851

0.045

3-factor model

0.921

0.917

0.034

4-factor model

0.934

0.929

0.031

5-factor model

0.947

0.942

0.028

6-factor model

0.954

0.949

0.027
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Table 4

NIH-PA Author Manuscript

Model Specifications for Confirmatory Factor Analysis
Factor
1

Domains
Behavioral Health

2

Mood and Emotions; Confidence/Conscientiousness

3

Mood and Emotions; Self-Efficacy; Behavioral Control

4

Mood and Emotions; Self-Efficacy; Behavioral Control; Social Interactions

5

Mood and Emotions; Self-Efficacy; Behavioral Control; Social Interactions; Trust
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Social Interactions

Behavioral Control

Mood and Emotions

Self-Efficacy

Scale

102.788/9

943.114/20

8
6

930.213/90

4895.457/527

5829.077/560

15

34

35

1863.338/230

2508.733/275

25
23

Chi-square/df

# of items

0.974

0.909

0.943

0.908

0.891

0.910

0.889

CFI

0.956

0.873

0.934

0.902

0.884

0.90

0.879

TLI

0.101

0.213

0.096

0.09

0.096

0.084

0.089

RMSEA

2

-

1

-

2

-

# of Removed Items

Goodness-of-Fit Indices for Unidimensional CFAs for the Behavioral Health Function Factors
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Table 6

NIH-PA Author Manuscript

Comparison of CFA results for Normative Sample (N=1,000) with the SSA Claimant Sample (N=1015)
4-Factor Model (78 items)
Sample

CFI

TLI

RMSEA

Claimant

0.882

0.879

0.056

Normative

0.872

0.868

0.056

A1. CFA Factor Loading Table—Behavioral Health Function
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